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A structured way for product managers to evaluate, prioritize, and roadmap AI-powered
features without defaulting to "add a chatbot" or chasing every model release.
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Overview

  

A hands-on playbook for product managers deciding which AI features actually belong on
the roadmap, using a four-lens evaluation framework, prioritization templates, and a worked
SaaS example.

How is this different from a standard RICE or ICE prioritization framework? 

RICE and ICE assume the main uncertainty is impact and effort. AI features carry two
additional, often-larger uncertainties — whether the right data exists and what happens
when the feature is wrong — that standard frameworks don't surface until you're already
mid-build. The 4-Lens framework adds those as first-class scoring criteria.

What if we don't have an ML engineer to help score Feasibility and Data Readiness? 

You can run a lightweight version with any technical stakeholder who can answer "does this
kind of data exist, and can a reasonably capable model do this task today." The goal at this
stage is a directional score, not a technical spec — bring in deeper ML expertise once an
idea clears the initial gate.

Should every AI feature start in the assistive tier? 

Not always, but it should be the default unless the task is low-stakes and well-understood
(e.g., auto-formatting) where automated tier is safe from day one. The assistive-first
approach mainly protects you against features with weak Responsibility scores, where a
wrong automated action has real cost.
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How often should we re-score the backlog? 

Quarterly is usually the right cadence — frequent enough to catch improving data readiness
or new evidence of desirability, infrequent enough that the scoring stays credible instead of
becoming a constant re-litigation of the roadmap.

What do we do with ideas that score well on Desirability but poorly on Data Readiness? 

Don't kill them — convert them into a data-prep task. A short, scoped effort to label or
collect the missing data can turn a 2 into a 4 within a quarter, and those converted ideas
often become the strongest releases because the underlying user problem was already
validated.

{ "@context": "https://schema.org", "@type": "FAQPage", "mainEntity": [ { "@type":
"Question", "name": "How is this different from a standard RICE or ICE prioritization
framework?", "acceptedAnswer": { "@type": "Answer", "text": "RICE and ICE assume the
main uncertainty is impact and effort. AI features carry two additional, often-larger
uncertainties — whether the right data exists and what happens when the feature is wrong
— that standard frameworks don't surface until you're already mid-build. The 4-Lens
framework adds those as first-class scoring criteria." } }, { "@type": "Question", "name":
"What if we don't have an ML engineer to help score Feasibility and Data Readiness?",
"acceptedAnswer": { "@type": "Answer", "text": "You can run a lightweight version with any
technical stakeholder who can answer \"does this kind of data exist, and can a reasonably
capable model do this task today.\" The goal at this stage is a directional score, not a
technical spec — bring in deeper ML expertise once an idea clears the initial gate." } }, {
"@type": "Question", "name": "Should every AI feature start in the assistive tier?",
"acceptedAnswer": { "@type": "Answer", "text": "Not always, but it should be the default
unless the task is low-stakes and well-understood (e.g., auto-formatting) where automated
tier is safe from day one. The assistive-first approach mainly protects you against features
with weak Responsibility scores, where a wrong automated action has real cost." } }, {
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"@type": "Question", "name": "How often should we re-score the backlog?",
"acceptedAnswer": { "@type": "Answer", "text": "Quarterly is usually the right cadence —
frequent enough to catch improving data readiness or new evidence of desirability,
infrequent enough that the scoring stays credible instead of becoming a constant re-
litigation of the roadmap." } }, { "@type": "Question", "name": "What do we do with ideas
that score well on Desirability but poorly on Data Readiness?", "acceptedAnswer": {
"@type": "Answer", "text": "Don't kill them — convert them into a data-prep task. A short,
scoped effort to label or collect the missing data can turn a 2 into a 4 within a quarter, and
those converted ideas often become the strongest releases because the underlying user
problem was already validated." } } ] } 
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Related playbooks

  
   

Data & AI 

Measuring AI ROI & Value Realization Playbook

An executive playbook for measuring and reporting AI ROI, using a four-stage value ladder,
a baseline-and-attribution method, templates, and a worked customer-s
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Intermediate
Template Included

  Read playbook   

   

Data & AI 

AI Procurement & Vendor Evaluation Playbook (Build vs Buy)

A procurement playbook for AI build-vs-buy decisions and vendor evaluation, with a
weighted scorecard, red-flag checklist, contract-negotiation tips, and a work

Executive
Advanced
Template Included

  Read playbook   

   

Data & AI 

AI Experimentation & Innovation Lab Playbook

A practical playbook for running an AI experimentation function, using a three-gate funnel,
pilot templates, and a worked retail example that shows how to kill 

Practitioner
Intermediate
Template Included
Workshop Ready
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  Read playbook   

  
Talk to our AI product strategy team
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Author

Mithun A. Sridharan   

I'm Mithun A. Sridharan, Founder of this website - Think Insights - on Strategy, Management
Consulting, Leadership, Digital Transformation, and Data Literacy. Follow me on social
media or connect with me on LinkedIn for updates.
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